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Abstract 
Patients’ initial impression can influence the kind 

of reactions they receive and their subsequent 

participation. Prior studies use inference models to 

examine participation as a continuum phenomenon. In 

the online health supporting communities (OHSCs), 

distinguishing giving participation from receiving 

participation provide interesting insights at the 

granular level. Using social presence theory, this 

study identifies and uses social presence cues in the 

initial post of 168 patients to predict patients’ giving 

and receiving participation in a prominent OHSC. 

Findings reveal that the social presence cues affected 

the two participation dimensions differently. 

Specifically, while intimacy is the most important 

predictor of giving participation, nonverbal 

communication is the most important predictor for 

receiving participation. The study offers important 

contributions to research and practice. 

 

1. Introduction  
First impressions in both offline and online settings 

are enduring. Reactions to first impressions can define 

the level of participation in online platforms. For 

instance, a patient in an online health support 

community (OHSC), who does not clearly articulate 

the urgency of their situation may elicit slow responses 

from other patients on the platform. Consequently, the 

support given to participants in OHSCs depends on the 

level of understanding of the content of patients’ initial 

posts (see [51] [53] [57] [43]). The level of 

participation in online communities is an indication of 

peer support [6]. Participation is mostly lumped as an 

aggregate of an individual’s overall activity. However, 

users’ assessment of an initial message can affect 

content generation (giving) and content consumption 

(receiving) differently by participation due to their 

impression or appreciation of the message ([44] [56]). 

For example, a message that does not forcefully 

request for in-depth feedback may only elicit votes, 

thumps up or down from the audience on the platform. 

Prior studies in OHSCs have used different 

theoretical lenses to understand patients’ participation 

with little focus on the effect of initial postings on 

giving or receiving participation. For instance, prior 

research used social capital theory or social identity 

theory to suggest the formation of bonds and 

relationships development in OHSCs participation 

[22] [42]. Since OHSCs are ad hoc and fluid in nature, 

users may be turned away from developing long-term 

relationships if the initial experience of support is not 

desirable. About 98% of users who join online forums 

do not participate in the discussions or post their 

opinions [46] [35]; and about 34% join more than one 

online community [77] [69]. This kind of multihoming 

behavior may reduce the efficacy of a community. It 

is therefore relevant that community managers 

stimulate dynamic participation among the users on 

the platform by understanding the primary drivers of 

first impressions.  

The goal of this study is to investigate how online 

participation is influenced by first impressions created 

by users in OHSCs from a social presence theory 

(SPT) perspective. Social presence involves mental 

and emotional activities such as social orientation, 

identifying motivations, groupthink, and what inspires 

the feeling of collaboration, even in online settings 

[50]. These key features of an individual’s social 

presence can be inferred from the patients’ initial 

postings. This study examines patients’ participation 

through content generation (giving) and via content 

consumption (receiving) [9] [7] and seeks to 

specifically answer the following research question: 

How do the dimensions of social presence in 

patients’ initial postings interact to influence an 

individual’s giving or receiving participation 

behavior in an online health support community?  

Previous research has shown that social presence 

influences user collaborative behaviors in the 

workplace [60]. In situations where users’ initial 

participation can determine their feelings about social 

presence, SPT will be useful in explaining how such 

initial feelings determine subsequent user 

participation. Studies have shown that different 

communication techniques (verbal, nonverbal, 

written, listening, and visual) have different effects on 

voluntary participatory behavior [66][28]. Community 
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members communicate better when there is high social 

presence [44] [49] [55] [71] [76].  

 

2. Background Review 
2.1. Participation in online communities 
In the healthcare context, many patients visit OHSCs 

and about one in four patients find others who share 

similar health conditions [23]. Participation in OHSCs 

have attracted attention from researchers who have 

used different theories to explain this phenomenon. 

For example, research has suggested that leadership 

characteristics (task-based behaviors and technical 

communications) are effective influencers of 

knowledge collaboration in online health support 

communities [15] [22]. Furthermore, social capital 

theory has been used to study participation in online 

communities to enhance bond and relationships 

formation [22]. From the social identity theory 

perspective, prior literature suggests that in the context 

of online community, social identity has a significant 

effect on participation [42]. Additionally, word-of-

mouth and stickiness promote participation in online 

community platforms [25]. Information systems 

success model posits that information and system 

qualities are important drivers of IS success. Flow 

theory suggests that users who are in flow totally 

participate in platform activities by spending more 

time without noticing [25] [13]. Moreover, extant 

research has used motivational theory and social 

presence theory to study participation in online 

communities. Users participate in online communities 

to seek information, entertain themselves, and socially 

interact with others [16] [45].  

This study focuses on the stage between a user 

joining the platform and the stage the user starts to 

build relationships. However, because OHSCs are ad 

hoc, participants need to be welcomed before 

participation. The degree to which the participant will 

be welcome to the platform depends on how they 

present themselves. Therefore, patients need to craft 

their first postings to create an impression that will 

result in users showing enthusiastic levels of 

participation. Hence, the current study focuses on this 

important aspect of patients’ participation in OHSCs.  

3. Theory and hypotheses – social presence  
Social presence is the ability to use communication 

media to transmit social cues when interacting on a 

social media platform [74] [55]. Social presence is also 

defined as the feeling of community a learner 

experiences in an online environment [63]. In group 

settings, social presence is considered as the 

awareness of others in an interaction, combined with 

an appreciation of the interpersonal aspects of that 

interaction [55] [50]. Social presence explains how 

people initially form relationships [73]. Social 

presence is key in several contexts such as, electronic 

learning (e-learning) context where a learner’s ability 

to portray themselves as real members of a community 

in social and emotional ways promotes active learning 

[32]. Tu [62] argued that within distance learning, 

social presence rests upon three dimensions: social 

context, online communication, and interactivity. 

Images and writings heighten the level of social 

presence in a computer mediated environment [26] 

[9]. For example, images and writings on Facebook 

have a higher sense of social presence than blogs 

whose contents are mainly writings [34] [9]. Studies 

have shown that online worlds have high degrees of 

social presence due to the textual, verbal, and 

nonverbal communication cues they provide [60] [24]. 

Stronger social presence drives online content 

generation due to motivation to read others’ responses 

and reply to messages [52]. Consequently, as 

postulated by prior research, higher degrees of social 

presence lead to higher participation of individuals in 

the discussion and communication on the platform [9]. 

Social presence theory is primarily composed of 

intimacy, immediacy, efficiency, and nonverbal 

communication [55]. Social presence increases the 

feelings of closeness in relationships, urgency in 

response, and reliability in passing across a message 

[24] [9].  

Prior research postulate that the mere presence of 

individuals in a community can reinforce their 

contributions or participation (e.g., [12] [38]). 

Individuals tend to participate more in the community 

when they have positive perceptions of others’ 

presence [36]. Since social presence reflects the 

degree of salience of the other person in a community, 

it follows that social presence will affect the degree of 

interaction taking place, and hence, is required to 

enhance online community participation [37]. This 

participation could be in the form of giving or 

receiving support [44] [56]. Applying SPT to a first 

post, literature suggests there is a connection between 

how users present themselves and behave as a results 

of signals in social presence cues [14] [59] [63] [79]. 

Figure 1 is our research model. 

 

 

 

 

 

 

 

 

 

 

 

Figure 1: Research model 
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3.1. Effect of social intimacy on participation 

Intimacy is defined as the feeling of closeness and 

belonging that two people may feel with each other 

[78]. Intimacy in interaction is influenced by several 

factors, such as physical distance, eye contact, smiling, 

body language, and potential conversation topics [2]. 

Individuals’ perceptions of intimacy are usually 

created at the instance of first interaction. Individuals 

create intimacy by interpreting nonverbal cues, 

whether it is in person or online [11]. Intimacy in the 

initial stages is established through emotional 

discourse or through the use of emotional vocabulary 

[4]. In the initial phase of communication, the use of 

emotional vocabulary, however, does not allow for a 

lengthy process or for the creation of a lasting 

relationship, but rather to facilitate the staging of one’s 

story [4]. Individuals who visit  health forums aim to 

form small but homogeneous support communities, 

which foster intimacy in their interactions [19]. The 

motivation for an individual to share information will 

help others on the platform to easily provide adequate 

support to them [27]. Thus, higher levels of intimacy 

connect patients together through posting and replying 

to each other’s messages. Hence, stronger bonds of 

closeness increase the level of participation in an 

online health support community. 

H1a: Intimacy in patients’ initial communication is 

associated with giving participation.   

H1b: Intimacy in patients’ initial communication is 

associated with receiving participation. 

3.2. Effect of social immediacy on 

participation 

Immediacy is defined as giving urgency or 

importance to an exchange [17] [10]. When 

communicating with others, urgency indications give 

a sense of value and importance to the relationship 

[17]. Immediacy in this study refers to the degree to 

which individuals on an online health support 

community give urgency and place importance to the 

messages that are shared. Community users signal 

immediacy through their sense of urgency, 

excitement, and instant involvement in the 

discussions, and timely response to posts. These 

qualities are evidences of higher commitment in the 

online discussion forums. Studies have revealed that 

community commitment impacts replying and posting 

(participation) behaviors in online discussion 

communities [6]. Hence, high sense of immediacy will 

result in increase in participation by others in reading 

and responding in a more urgent manner. 

H2a: Immediacy in patients’ initial communication 

is associated with giving participation. 

H2b: Immediacy in patients’ initial communication 

is associated with receiving participation. 

3.3. Effect of social efficiency on participation 

Efficiency refers to the degree to which users in an 

OHSC judge the reliability of communicating their 

messages across to the target [55] [41]. Individuals use 

the online communities as the communication media 

through which they interact with their peers. A patient 

judges a medium to be efficient when it performs well 

consistently, protects patients’ privacy concerns, and 

secures their information. A higher sense of media 

efficiency will increase participation in the discussions 

(see [19]). Thus, social media efficiency will increase 

giving and receiving participation. 

H3a: Efficiency in patients’ initial communication 

is associated with giving participation. 

H3b: Efficiency in patients’ initial communication 

is associated with receiving participation. 

3.4. Effect of social nonverbal communication 

on participation 

Nonverbal communication in this study refers to 

the extent to which individuals participating in an 

online forum use cues in their writings to express their 

feelings and emotions. Nonverbal cues such as body 

language, voice intonation, and conveyance of 

language are absent in the online context and 

therefore, social presence is relatively low (e.g., [9]). 

The limitation of nonverbal cues may decrease 

understandability of the interactions; hence, 

participation could be slowed. Literature has shown 

that consumers’ affective response to a product is 

influenced by sensory cues [11]. Also, a recent study 

suggests that nonverbal cues are linked to messages of 

intimacy and arousal [2] [17] [29]. However, since 

users who visit the platform come for support rather 

than relationship, it is less likely that they will share 

posts with the aim to arouse feelings of closeness. 

Hence, messages involving more nonverbal cues will 

decrease interest and participation on these platforms. 

H4a: Nonverbal communication cues in patients’ 

initial communication is associated giving 

participation.  

H4b: Nonverbal communication cues in patients’ 

initial communication is associated with receiving 

participation. 

4. Proposed Methodology  
4.1. Research deign and data collection 

To investigate the research objective, data was 

sourced from a popular online health community, 

inspire.com between March and April 2020. 

Inspire.com has been used in some prior studies (e.g.,  

[67] [27] [30] [39]) because it has a growing number 

of users, which offers patients the opportunities to 

interact through giving, receiving supports, and 

includes networking features and a real-time research 

platform [58]. For example, a support group 
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“spontaneous coronary artery disease (SCAD)” on 

inspire.com convinced some researchers to initiate the 

creation of a registry that studies rare diseases such as 

SCAD [65]. Data from inspire.com platform has been 

used in prior research [68]. The platform has over 50 

communities for various disease types [31]. For this 

study, data was obtained on patient participation from 

three communities - depression, HIV/AIDS, and drug 

abuse. Since patients come on these platforms for 

support, the communities are noted for the high 

degrees of user responsiveness and interactivity [67] 

on the different support groups/communities that are 

on the platform. Users demonstrate responsiveness in 

showing supportive behaviors by reacting to or 

reading other’s posts. Therefore, participation is key to 

the survival of online health support communities 

[58]. Initially, about 200 observations were collected. 

After cleaning, transforming, and removing outliers 

and missing data, the final usable sample size for the 

analysis was 168 user level observations, which 

included user initial postings, replies, and supportive 

behaviors as well as data about the different 

communities that users belong to, their ages, gender, 

and the length of time they have been on the platform.  

4.2. Variables and measures 

Table 1 presents the operational definition and 

measurement of the key variables of the study. The 

predictor variables obtained are from patients 

first/initial postings. The outcome variables are 

obtained from the platform audience response. 

Immediacy represents a sense of enthusiasm expressed 

in the messages by a user and it is operationalized as 

the emotional tone in user posts [18].  Intimacy is the 

user’s sense of belongingness to the community. 

Following the personal assessment of intimacy in 

relationships [54], it is operationalized as the 

aggregate of the number of friends who always 

provide responses to a user’s post.  Efficiency is the 

user’s judgement about the reliability of information 

on the platform and is operationalized as the authentic 

[69] scores from sentiment analysis of user initial 

postings. Nonverbal communication is the degree to 

which users rely on cues on the platform and it is 

operationalized as the affect scores [72] from 

sentiment analysis of user initial postings. Scores for 

the measures were extracted from the sentiment 

analysis method using the linguistic inquiry and word 

count (LIWC) program [40] [1]. Thus, we use LIWC 

tool to measure the emotional tone that is, strength of 

the emotions in the posts, calculated/scored on a 100-

point scale ranging from 0 to 100; affect -- extent to 

which a person is in an enthusiastic or in an aversive 

mood state [72], scored on a 100-point scale ranging 

from 0 to 100; and authentic that is, extent to which a 

post is personal and self-disclosing, scored on a 100-

point scale ranging from 0 to 100 [75]. Opinion mining 

is a discipline that uses computer techniques to extract, 

classify, understand, and assess individuals’ opinions 

expressed in text messages [41] [8]. 

The dependent variable of the study is 

Participation, which is considered as two dimensions- 

giving and receiving participation normalized by the 

user length of stay on the platform. Giving is the ration 

of total number of posting and responding activities 

that a user provides to others/groups (posts and replies 

a user provides) to user tenure on the platform. 

Receiving is the ration of total number of supports a 

user gets from others (as support votes, thanks votes, 

useful votes) to user tenure on the platform. The study 

controls for user’s age and gender. 

Table 1: Operational constructs and measurements 

Variable Definition Operationaliza

tion  

Intimacy 

(INT) 

 

Degree to which 

users in an OHSC 

feel a sense of 

closeness and 

belonging. 

The number of 

friends a user 

has on the 

platform [54]. 

Immediacy 

(IMM) 

Degree to which 

users in an OHSC 

portray a sense of 

positive attitude 

and enthusiasm to 

the messages 

shared. 

Measured by 

obtaining the 

emotional tone 

scores in the 

patient’s initial 

post from the 

sentiment 

analysis [18]. 

Efficiency 

(EFF) 

Degree to which 

users in an OHSC 

judge the 

reliability of 

passing the 

message across to 

the target. 

Measured by 

obtaining the 

authentic scores 

from sentiment 

analysis of 

patient’s initial 

post [75]. 

Nonverbal 

Communic

ation 

(NVC) 

Degree to which 

users in an OHSC 

use cues in their 

writings to 

express their 

feelings and 

sentiments. 

Measured by 

obtaining the 

affect scores 

from the 

sentiment 

analysis of 

patient’s initial 

post [72]. 

Giving 

Participati

on 

Degree to which 

users participate 

in OHSC 

discussions by 

contributing to 

generate contents. 

The total 

number of posts 

a user provides 

less their initial 

post to group 

discussions and 

replies to 

others’ posts 

normalized by 
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user length of 

stay on the 

platform [44] 

[56]. 

Receiving 

Participati

on 

Degree to which 

users participate 

in OHSC 

discussions by 

amount of 

feedback a user’s 

post gets from 

other users. 

Aggregate of 

the number of 

votes (support, 

thanks, and 

useful) a user’s 

post receives 

from others 

normalized by 

user length of 

stay on the 

platform [44] 

[56]. 

Table 2 presents the descriptives of the 

demographics and the main variables. Age was 

categorized into six groups with value from 0 

indicating ages less than 20, to value 5 indicating ages 

greater than 60, and value 6 for undisclosed ages. 

Table 2: Descriptive statistics 

 Mean S.D. Min Max 

Gender 0.86 0.80 0.00 2.00 

Tenure 1908.5 1572.0 29.0 5150 

Age Grp 3.80 1.78 0.00 6.00 

M_Status 3.39 2.02 0.00 5.00 

Giving 0.07 0.24 0.00 2.06 

Receiving 0.09 0.29 0.00 2.57 

IMM 45.17 39.81 0.00 99.00 

INT 4.95 5.81 1.00 20.00 

EFF 32.93 32.76 0.00 99.00 

NVC 4.86 4.01 0.00 16.67 

4.3. Analytic technique 

The goal of this study was to distinguish which 

social presence indicators contribute to user giving and 

receiving participation decision. So, decision tree 

analytics approach is selected to investigate the 

research problem because it provides direct insight 

into which rules and criteria lead to a decision [51] and 

the use of DT induction can provide additional insights 

on the conditional relationships between independent 

and dependent variables that may not have been 

established using regression [47]. The results of the 

decision tree will provide OHSC operators with 

information relevant for influencing patients’ 

participation in OHSCs. Specifically, the results of the 

study will identify the relative effects of social 

presence features on giving and receiving 

participation. The decision rules from the tree are the 

paths from the root node to the leaf node [48]. 

Decision trees are based on machine learning 

algorithms and methods, which enable predictive 

models to achieve high accuracy and precision [48]. 

The decision tree algorithms can solve classification 

and regression problems. The classification and 

regression trees (CART) algorithm was used. Decision 

tree in this study was performed using rpart and 

rpart.plot packages in the R software with anova 

methodology. The anova methodology was selected 

because it is suitable for outcome variables with 

continuous data. To remove repetition of variables as 

the tree grows, the decision tree was trimmed to show 

max depth of three layers. 

5. Preliminary Results 

The decision tree on user participation is 

transformed to rules. The rules of the decision tree 

model for online health community users’ giving and 

receiving are illustrated in Tables 3 and 4. See 

appendix for ANOVA Decision Tree for a) Giving 

versus b) Receiving participation in OHSCs. 

Table 3: Main rules for the decision tree model of 

Giving Participation 

1) root 168 329773.100  70.92857   

   2) Intimacy< 3.5 106 206430.900  57.97170   

     4) Efficiency< 45.405 65 101899.8  48.13846   

       8) NVComm< 7.4 48  71299.250  42.62500*  

       9) NVComm>=7.4 17  25021.530  63.70588*  

     5) Efficiency>=45.405 41  88282.1  73.56098   

      10) NVComm< 6.665 21  50280.29  61.2857* 

      11) NVComm>=6.665 20  31514.950  86.450*    

   3) Intimacy>=3.5 62  75122.600  93.08065   

    6) NVComm< 6.75 43  50944.510  83.81395   

      12) Efficiency< 31.99 24  27129.330  73.833*  

      13) Efficiency>=31.99 19  18404.63  96.4210* 

    7) NVComm>=6.75 19  12128.950 114.05260* 

 

Table 4: Main rules for the decision tree model of 

Receiving Participation 

1) root 168 330661.900  65.97619   

   2) NVComm< 3.155 58  84668.500  43.50000   

     4) Intimacy< 1.5 17  25075.880  30.64706 * 

     5) Intimacy>=1.5 41  55619.800  48.82927 * 

   3) NVComm>=3.155 110 201243.700  77.82727   

     6) Intimacy< 13.5 90 164689.400  71.61111   

      12) NVComm< 6.675 41  78278.000  59.000*  

      13) NVComm>=6.675 49  74434.69  82.1632*   

     7) Intimacy>=13.5 20  17427.200 105.80000* 

The results of the decision tree show that intimacy 

feature on the platform is the most important predictor 

of user giving participation. In the case when the 

intimacy is low, user giving participation will be 

influenced by efficiency of information provided on 

the platform (see rule 2 in Table 3). On the other hand, 

when users have high view of intimacy, their giving 

participation will be driven by use of nonverbal 

communication cues on the online health support 

platform (see rule 3 in Table 3). Nonverbal 

communication is the most important predictor of 

user’s receiving participation. When the use of 
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nonverbal communication is low, user receiving 

decision is driven by the degree of intimacy on the 

platform (see rule 2 in Table 4). However, when 

nonverbal communication is high and intimacy is 

high, user participation decision is driven by 

efficiency of information shared on the platform (see 

rule 3 in Table 4).  

The anova results shown in Table 5 reveal that 

intimacy and nonverbal communication were 

significant in predicting giving participation at p < 

0.01 and p < 0.05 respectively while intimacy and 

efficiency significantly predicted receiving 

participation at p < 0.001 and p < 0.1 respectively. 

Table 5: ANOVA table for Giving 

 DF Sum 

sq 

Mean 

sq 

F-

value 

Pr (>F) 

INT 1 0.612 0.612 11.181 0.0011** 

IMM 1 0.025 0.0253 0.462 0.4975 

EFF 1 0.140 0.139 2.550 0.1123 

NVC 1 0.215 0.215 3.921 0.0491* 

Res. 163 8.927 0.0548   

 

ANOVA table for Receiving 
 DF Sum 

sq 
Mean 

sq 
F-

value 
Pr (>F) 

INT 1 0.935 0.935 11.722 0.0008*** 
IMM 1 0.035 0.035 0.440 0.5081 
EFF 1 0.272 0.271 3.405 0.0668 . 
NVC 1 0.184 0.184 2.308 0.1307 
Res. 163 13.002 0.079   

Signif:  0 ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1 

The relative importance of the social presence 

factors that explain giving and receiving participation 

are shown in Table 6. The factors are scaled to sum up 

to 100 with higher values indicating more relative 

importance in predicting participation in OHSCs. The 

value of the variable importance is calculated as the 

sum of the goodness of each primary variable split and 

the goodness of all the surrogate splits [3]. For 

participation in giving, the order of importance is 

intimacy (40%), nonverbal communication (24%), 

efficiency (20%), and immediacy (15%). Receiving 

participation in descending order of importance is 

nonverbal communication (35%), immediacy (25%), 

efficiency (25%), and intimacy (15%). The table 

below shows the relative importance of the predictors 

of both giving and receiving participations 

respectively in descending orders. 

Table 6: Variable importance 

Giving 

Variable INT NVC EFF IMM 

Importance 40 24 20 15 

     

Receiving 

Variable NVC IMM EFF INT 

Importance 35 25 25 15 

The charts in Figure 3 and Figure 4 show the 

relative importance of social presence dimensions for 

giving and receiving participation, respectively. The 

results for giving participation suggest that users will 

consider intimacy to be the most important aspect of 

social presence while nonverbal communication is 

seen as the most effective factor when participating in 

online health support communities through receiving. 

 

 
Figure 3: Variable importance for Giving 

 

 
Figure 4: Variable importance for Receiving 

 

6. Discussion and Implications 
The study aimed to identify key features of 

patients’ initial postings that influence participation in 

OHSCs. Using decision trees helped to provide 

information for deciding on the factors that influence 

patients’ participation in OHSCs. The results of the 

analysis provide initial evidence that patients’ giving 

participation is influenced by intimacy, followed by 

nonverbal communication, then efficiency, and finally 

immediacy. On the other hand, patients’ receiving 

participation is affected by nonverbal communication, 

followed by immediacy, then efficiency, and finally 

intimacy. Surprisingly, immediacy was not found to 

influence either patients’ giving or receiving 

participation in OHSCs.  

Prior studies on the factors that promote 

participation in OHSCs generally suggest, among 
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other factors, health information seeking, 

communication, and health information efficacy [5]. 

We bring that important aspect of technology use 

decision-making into focus. The identified factors in 

this study inform the literature on individuals’ 

judgmental processes in responding to protective 

technologies offered as part of crisis management. The 

SPT factors in an individual’s initial message are 

salient in shaping users’ online participation through 

the commitment of some in providing support and 

through the benefits others reap from the content that 

is being generated. For instance, intimacy impressions 

created in the initial stages sustain user commitment to 

group discussions. The results are consistent with prior 

studies that have provided evidence that users of 

online health services will increase their participation 

and length of stay on the platform when they feel a 

sense of connectedness when they join through giving 

and receiving of emotional and information supports 

[70]. Moreover, nonverbal communication such as 

urgency cues create first impression that can affect 

sustained participation in online settings. OHSCs 

provide an opportunity for seeking and providing help 

and support to patients. For participants to receive 

such support, they must express their feelings and 

emotions in writings or just simply giving a “hug” or 

posting emoticons signifying “worries”, “sadness”, 

“support” or “appreciations” to elicit rapid and 

appropriate responses. The confirmation of the effect 

of nonverbal communication embedded in initial 

comments align closely with prior research that has 

shown that health communication empowers users to 

articulate their needs and engage in sustenance 

behaviors [20] [5]. Furthermore, efficiency of first 

impressions fosters online participation in that 

recipients of the support depend on the reliability of 

the messages. Therefore, exhibiting good judgement 

by providing reliable and useful information in the 

initial communication encourages others to benefit 

and do same; thus, patients are empowered to make 

use of the social, informational, and emotional 

supports to take control of their health concerns [33]. 

Lastly, although immediacy did not affect either 

giving or receiving participation, patients still consider 

the health needs of their friends and families to be 

important and in fact, which need to be addressed with 

urgency. Prior studies have revealed that the more 

immediate individuals are the more assertive and 

responsive they are to others’ needs [21]. Such 

individuals communicate competently, effectively, 

and appropriately with varied people in different 

situations and contexts  [61]. 
6.1. Implication for research and practice 

The results and findings of this study have 

implications both to research and practice. To 

research, first, SPT assumes that low social presence 

is associated with less personal feelings and emotions 

expressed in the message. Whereas individuals who 

are motivated to receive are influenced by first 

impressions cues in the writings to express feelings 

and emotions, the giving individuals are more 

concerned with the sense of closeness and belonging 

cues expressed in the initial postings. Furthermore, 

SPT assumes that better communication is enjoyed 

with more cues in the initial postings. From the 

findings of this study, this assumption holds for 

patients inclined to giving participation as opposed to 

those persuaded to receive. 

Second, participation was treated as a two-

dimensional concept (giving and receiving) and the 

effects of social presence on each of the dimensions 

were examined. With this granular view, we uncover 

that first impression in patients’ initial communication 

is important in eliciting user’s participation in either 

giving or receiving. Specifically, the findings revealed 

that users’ giving behaviors can follow a gradual 

process of first developing intimacy with the initiator 

of the post, followed by nonverbal communication 

cues that express feelings and emotions, followed by 

efficiency of the message, and finally by immediacy. 

On the other hand, users demonstrate participation in 

receiving on the impression created primarily through 

nonverbal communication, followed by immediacy, 

then efficiency, and lastly intimacy.  

For practice, the findings could help platform 

managers to make informed decisions as to which 

social presence features they need to pay attention to 

in order to increase participation. Furthermore, 

studying participation as giving and receiving could 

help management understand patients who are 

motivated to participate by giving, hence promote 

receiving and those who are inclined to participate by 

receiving, hence stimulate giving. 
6.2. Limitations and future research 
This study has some limitations. First, this current 

study used cross-sectional data of active users only.  

Second, as preliminary study, a small sample size used 

was used. Third, the focus of this study was on 

stigmatized and non-stigmatized disease communities. 

Consideration of other disease types will improve the 

study. Finally, this current study used data from only 

one health support community/platform.   

7. Conclusion 
This study set out to identify the factors of social 

presence theory (SPT) in patients’ initial postings that 

influence participation in OHSCs. This was based on 

the premise that first impression drives long term 

responses. SPT does not discriminate on the efficacy 

of each variable. The unstated assumption is that 

intimacy, immediacy, efficiency, and nonverbal 
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communication dimensions of SPT work equally as 

motivators of participation. That is, SPT assumes that 

each of the variables has the same effect. This study 

argued that each dimension of SPT has a different 

effect in OHSCs. The results of the decision tree 

revealed that intimacy and nonverbal communication 

have better effects on participation than efficiency and 

immediacy. The study provides valuable information 

to assist platform managers in decision-making for 

sustaining platform membership and participation. For 

instance, members with low intimacy, low immediacy, 

and low efficiency may receive more support than they 

give. Thus, management can watch out for such 

behaviors and develop motivational tactics to get these 

members engaged in giving. 
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